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Executive Summary

This paper summarizes the findings of data analysis conducted for the DAC LAP
on aid allocations in difficult partnerships. Difficult partnership countries (DPCs) are
countries with weak policies and institutions — some of the most difficult environments
for aid programs, athough they are a'so amongst the poorest countries. Little anaysisto
date has been performed on patterns of aid in these environments.

The analytical framework for this project is provided by three categories of
literature. Thefirstisexisting aid effectiveness studies, which emphasize a strong policy
and institutional environment in aid-receiving countries as necessary for converting aid
income into economic growth and poverty reduction. The second is the more recent
work performed on post-conflict aid, which indicates that post-conflict countries may
have higher aid absorption capacity than other countries at similar poverty and
ingtitutional levels. Thethird isthe literature on aid volatility, which suggests that the
beneficial effects of aid can be offset by high volatility and unpredictability, dependent
on the degree of aid dependency of the recipient country.

This literature would indicate the following hypotheses about aid flows to
difficult partnership countries:

» DPCsreceiveless aid than their stronger performing peers, in a broadly
continuous relationship with their population, poverty and policy levels.

» Post-conflict DPCs will receive higher aid flows, but aid to other DPCs will
be roughly consistent within the group dependent on their population, poverty
and policy levels.

« Aidflowsto DPCs are more volatile than those to other aid recipients,
however, this volatility is explained by the more unstable policy and
institutional climate of DPCs and its greater preponderance for vacillation
between conflict and peace.

We compare aid flows to DPCs to two other mutually exclusive and dynamic
groups: stronger-performing Low Income Countries (LI1Cs) and Middle Income Countries
(MICs). Using datafrom the DAC International Devel opment Statistics database and the
World Bank, we examine aid patterns between 1992 and 2002. Our findings confirm
some of the hypotheses above but not others.

Firstly, DPCs do receive less aid than more strongly performing countries.
However, this relationship is not continuous with their population, poverty and
performance. When we control for these factors, we find that DPCs still receive around
40% less aid than predicted by their policy and institutional strength in pooled cross-
sectional regressions, primarily due to disproportionately low flows from bilateral donors.



Secondly, there are substantial differences within the DPC group. We predict the
per country per capitaaid flows which would result if donors allocated aid neutrally on
the basis of poverty and policy. We see that one subgroup of DPCs receives substantially
higher aid flows than poverty and policy would predict (the “aid darlings’), whilea
similar number receive substantially lower flows (the “aid orphans’). Post-conflict DPCs
receive higher amounts, as expected: we have also done an analysis of post September 11
pledges and this gap appears to be increasing. Among the non-post conflict group, very
large countries, very small countries, very poor countries, very badly governed countries,
and countries with a small number of donors have more likelihood of becoming “aid
orphans.”

Thirdly, as we had expected, DPCs experience much higher aid volatility than
other LICs— amost double in the period studied. We tested for whether thiswas dueto a
pragmatic donor reaction to change on the ground by controlling for rapid improvement
or deterioration in policies and institutional strength and the onset or cessation of conflict.
While this reduced the differential, aid to DPCsis still two times as volatile as aid to
other LICs.

What can we conclude from these results? In aggregate, the finding that DPCs
receive disproportionately lower flows than those predicted by their policy and
institutional indicators suggests that donors could modestly increase aid to the group as a
whole without challenging the performance basis of aid alocations.

However, there are wide differences within the DPC group: the “darlings” already
receive more aid than their policy and institutional indicators would predict, although
some of this may be an appropriate response to post-conflict transitions and changes on
the ground. Capacity for additional aid absorptionis likely to stem from within the “aid
orphan” group who are currently receiving less than their policies and institutional
indicators would predict.

The finding on aid volatility is perhaps the most interesting result of the paper. In
addition to their high aid-dependence, DPCs are by definition very weak capacity
countries. In weak capacity countries, the duration needed for any aid-financed program
to produce resultsis likely to be longer than in a country with similar poverty levels but
stronger institutions. Turning the tap of aid on and off frequently may therefore be the
wrong way to achieve the results donors are looking for. Since difficult partnership
countries have greater development challenges than other aid recipients, as evidenced by
thelr lagging performance on the Millennium Development Goals, it isimportant for the
donor community to look more closely at their aid allocation patterns to these forgotten
states.



[._Introduction

This research project is conducted in cooperation with several bilateral and
multilateral donors as part of OECD/DAC’s Learning and Advisory Process on Difficult
Partnerships.

During the last decade, the topic of aid effectiveness, and the concomitant issues
of absorptive capacity, donor behavior, and the effects of aid flows on recipient
countries policies have attracted increasing attention of academics as well as
policymakers. The donor community has responded with great interest to research
exploring the effect of aid on poverty reduction, especially to the ideathat a strong
institutional and policy environment is necessary for converting aid income into
economic growth (World Bank 1998, Burnside and Dollar 2000 and 2004, Collier and
Dollar 2002)." Indeed, many bilateral and multilateral donors have altered their aid
allocation patterns to focus on recipients with stronger institutions (Dollar and Levin
2004). Without detracting from the validity of the above strand of aid effectiveness
literature, the present paper questions whether there is a set of “forgotten states” with low
income and weak institutions, which receive significantly less aid than other recipients,
even controlling for the variables discussed in aid effectiveness studies.

Related to the issue of aid effectivenessis literature focusing on absorptive
capacity in societies emerging from conflict. The pioneering work of Paul Collier and his
co-authors suggested that since conflict causes reductions in involved countries’ output as

well as capital stock (Collier 1999), countries emerging from war can effectively use

! Thisidea has been widely debated, with some critics arguing that aid contributes to growth irrespective
of policies albeit with diminishing returns (Hansen and Tarp 2001) or as a response to shocks (Guillaumont
and Chauvet 2001) and others questioning the significance of aid’s impact on growth even in countries with
sound policies (Easterly, Levine and Roodman 2003).



much higher levels of aid flows during the first post-conflict decade (Collier and Hoeffler
2004, Collier et a. 2003). Analysesof current aid allocation patterns, however, reveal
that aid levels to post-conflict recipientsincrease dramatically in the first few years after
cessation of conflict but taper off very quickly afterwards (Collier and Hoeffler 2004,
Kang and Meernik 2004). In this paper, we look more closely at whether donors are
responding to post-conflict opportunities within the difficult partnership country group.

Within the broad spectrum of aid effectiveness literature, there is also a strand that
focuses on the burdens imposed on recipients by high aid volatility. According to the
literature, aid flows are found to be arelatively unstable source of government revenue
(Gemmell and McGillivray 1998). Furthermore, the beneficial effects of aid can be
offset by high volatility and unpredictability, which complicate the planning and conduct
of fiscal and monetary policy aswell as having adverse impacts on exchange rate
variability in aid-dependent countries (Edwards and Wijnbergen 1989, Bulit and Hamann
2003). Sincedifficult partnership countries are low-income and do depend on aid to
balance their budgets and/or provide basic services, the negative impact of aid volatility
would put a disproportionate strain on their scarce institutional resources. Thus, we
explore whether donors' aid allocation patterns to these recipients are effectivein
preventing high aid volatility, and what characteristics within the DPC group are
associated with high and low aid volatility.

The broad framework of aid effectiveness literature, described above, frames the
analysis of aid allocation to difficult partnership countries, presented in this paper. In

particular, we test the following hypotheses, based on the conclusions from the literature:



* DPCsreceveless aid than their stronger performing peersin abroadly
continuous relationship with their population, poverty and policy levels.

» Post-conflict DPCs receive higher aid flows, but aid to other DPCsis roughly
consistent within the group dependent on their popul ation, poverty and policy
levels.

» Aidflowsto DPCs are more volatile than those to other aid recipients;
however, this volatility is explained by the more unstable political climate of
DPCsand its greater preponderance for vacillation between conflict and
peace.

This paper is organized as follows. Section Il will define the study groups and
provide data sources used in the analysis. Basic comparative analysis of aid flowswill be
presented in Section 111, while Section VI will look into thisissue in more depth, using
multivariate regression analysis. Section V will explore within-DPC variation in aid per
capitaflows. Section VI will focus on aid volatility and the country characteristics
associated with high and low aid volatility. Section V11 will conclude with implications

of the findings as well as recommendations for further research.

Il. Data Sources and Study Groups

The data used in this study came from several sources. The main source of aid
data was DAC International Development Statistics database. For poverty and social
indicators, we focused on Millennium Development Goals and drew on the resources of
World Bank’s Statistical Information Management and Analysis database and UNSTAT

Millennium Indicators Database. Finaly, to analyze institutional and policy environment



of developing countries, we used the Country Policy and Institutional Assessment scores
provided by the World Bank.

To address the research questions presented above, we divided the sample of aid
recipients in 1992-2002 into three mutually exclusive dynamic groups. The group that is
the focus of this study is Difficult Partnership Countries (DPC). Countriesin this group
have two criteria. First, al these countries are low-income, according to the World
Bank’s classification based on gross national income per capita. Secondly, DPCs have
weak institutions — as agreed with our DAC colleagues, we used two bottom quintiles of
World Bank’s Country Policy and Institutional Assessment (CPIA) to proxy for this
concept. The other two groups are LICs, or low-income countries that have stronger
institutions than DPCs (thus, they are in the top three quintiles of CPIA) and middle-
income countries that receive aid (MICs).?> We aso divided our sample of aid recipients
into post-conflict and non-post-conflict groups, using the first four years after conflict’s
cessation as a post-conflict period. For more information on definitions of groups and
their Robust (heteroskedasticity-adjusted)ness to division based on other proxy variables,
please refer to appendix A. Thelist of country-year groupingsis presented in Appendix
TableA.2.

To assess whether our groups differ with respect Millennium Devel opment Goals,
we take alook at some basic socia indicators. Figure 1 below presents the population-

weighted averages for our three study groups on a number of MDG indicators.® From

2 Since we will frequently use population-weighted group averagesin this paper, Chinaand India (both of
them LICs, until recently for China) have been taken out of our sampleto prevent their disproportionate
influence on these popul ation-weighted averages.

® The choice of MDG indicators to focus on was driven by the availability of datafor DPCs, which isthe
group that has the most missing datain al series.



thisfigure it becomes obvious that difficult partnership countries face tremendous
challenges with respect to health and basic sanitation. Child mortality in DPCsisfive
timesthat in MICs and almost twice that in LICs. Since measles is aleading cause of
death for children in the devel oping world, measles immunization is essential for
combating child mortality; however, DPCs lag significantly behind MICsand LICsin
this preventative measure. Although middle-income countries seem to be quite
successful in combating malaria, DPCs stand in stark contrast not only to MICs (which
may be partly explained by geographical differences) but also to LICs (who could well be
their neighbors). Finally, athough LICs have caught up to MICs on rural accessto
drinking water, DPC are again far behind. Since access to drinking water is more highly
correlated with state capacity than most other socia indicators (reference? - Sarah), this
graph could indicate the relative success of development programsin LICs, and their
disappointing performance in DPCs.

Figure 1. Comparison of Study Groups on MDG Indicators
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With these tremendous obstacles on the development path of DPCsin mind, we
now turn to comparing aid levels, which can potentially be used to alleviate the socio-

economic deprivation of peoplein these devel oping countries.

II. Basic Comparative Anaysis of Aid Allocation

In this section, we begin to evaluate aid flows received by DPCs in comparison
with LICsand MICs. By aid, we mean gross disbursements of Officia Devel opment
Assistance (ODA).*

How much have DPCs been receiving in aid in the last decade? Aswe can see
from Figure 2, disbursements of aid flowsin the past 10 years have not tended towards
this group of recipients. Not only has the largest amount of aid gone to middle-income
countries, but the gap between L1Cs and DPCs has widened recently.

Figure 2. Total Aid Flows (sum to group; 1992-2002)
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4 We have also performed this analysis with net ODA, and the results appear to be almost identical to those
presented below. This remarkable similarity between gross ODA and net ODA could be due to data
availahility issues with regard to loan repayment and debt relief.
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The same figure using ODA commitments instead of disbursements reveals asimilar
widening gap between L1Cs and DPCs (see Figure B.1 in Appendix B, which also
discusses the disbursements to commitments ratio). Since donor commitments represent
future disbursements, we get a very discouraging picture about aid that will be disbursed
to DPCsfor yearsto come.

While the figure above presents avivid picture, it is somewhat misleading since it
does not take into account recipients’ population size. Figure 3 fixes this problem,
providing an aid per capita comparison between LICs and DPCs.® Indeed, DPCs have
consistently received lower per capitaaid flowsthan LICs.

Figure 3. Aid Per Capita Flows (population-weighted group averages; 1992-2002)°

Aid per Capita Flows (1992-2002)
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We might expect these aid allocation patterns to be appropriate for avariety of

reasons. For one, they may be reflecting emergency aid and/or debt relief flows, for

® MICs were excluded from the picture, as their low aid/capita levels are easily explained by their higher
level of development and thus lower need for aid to support incomes.

® The sudden increase in aid per capitato DPCs from 2001 to 2002 is mainly due to Democratic Republic
of Congo, which, dueto its large population, is very influential and whose aid/capitaincreased from $5in
2001 to $29 in 2002; and to Afghanistan, also quiteinfluentia in this popul ation-weighted average, for
which aid/capitaincreased from $15/capitain 2001 to $48/capitain 2002.
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which allocation decisions follow somewhat different patterns than for the rest of aid.
Appendix C looks closely at this hypothesis but finds that netting out debt forgiveness
grants and emergency aid does not eliminate the differencein aid per capitalevels
between L1Cs and non-post-conflict DPCs (see Table C.5 in Appendix C).

Secondly, since non-post-conflict DPCs have lower absorptive capacity due to
their weak institutions, we would not be surprised if these countries received less aid than
LICs, which have, by definition, stronger institutions. To explore the second hypothesis,
we need to look at donors' revealed preferences in more detail, and to see whether donors
apply the same criteriafor aid allocation to DPCs as they do to other aid recipients. We

turn to thisanalysis in the next section.

V1. Regression Analysis of Current Aid Allocation

We use multivariate regression analysis to evaluate the first hypothesis presented
in the introduction of the paper: we test whether donors all ocate to DPCs the funds that
would be expected given their population, GDP per capitalevel, and institutional and
policy environment. The underlying model for this analysis wasintroduced in Dollar and
Levin (2004):

(1.1) Log (aidij) =bp+ bq Log (populationj) + bo Log (per capitaGDPJ) + bz Log
(index of instituti ons/policie;]) ,

where i represents the donor (or donor group) and j represents the recipient.
To test our hypothesis of differentia treatment of DPCs by donors, we introduce a
dummy to the original model:

(1.2 Log (aidij) =bg+ bq Log (populationj) + bo Log (per capitaGDPJ) + bz Log
(index of instituti ons/policie;]) + by DPC;
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The coefficient on the DPC dummy would capture whether this recipient group receives
more (or less) aid than would be predicted by the other independent variables. Since
DPCs are defined by income level and CPIA (which are included as separate independent
variables), we would not expect the coefficient on this dummy to be statistically different
from zero, if donors are treating GDP per capita and CPIA as continuous variables.
However, if donorstreat countries up to certain levels of GDP per capitaand CPIA
differently than those which pass the threshold levels that separate DPCs from other
recipients, we would see a statistically different from zero coefficient on the DPC
dummy.

We use a pooled regression of 1992 through 2002 with year dummies to capture
year-to-year fluctuations in aggregate aid levels. Our dependent variableislog of aid net
of emergency aid and debt forgiveness grants (for reasons discussed in Appendix C).

The three columns of Table 1 below represent three different aggregates of aid flows used
as dependent variables: the first one sums across all donors, the second one only across
bilateral donors, and the third one only across multilateral donors.”

Asyou can seein Table 1, the coefficients on GDP per capita (what Dollar and
Levin (2004) call “poverty dasticity index”) and on CPIA (or “policy easticity index”)
are of the expected sign and are both statistically different from zero. Total, bilateral and
multilateral aid flowsin general appear well-targeted to countries with lower incomes and
stronger institutions. Multilateral aid isfound to be better targeted to these two variables
than bilatera aid, which is consistent with the findings of Dollar and Levin (2004). The
coefficient on population points to the “small-state bias,” according to which donors give

more aid per capitato countries with smaller populations.

"EC isincluded as amultilateral donor, based on OECD/DAC classification.
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The coefficient of interest in this study isthat on DPC dummy. Table 1 reveds
that this coefficient is negative, and both statistically and economically significant.
Focusing on column (1), we estimate that, on average, DPCs received approximately
43% lessintotal aid than would have been predicted by their population, poverty level,
and policy and institutional environment. Comparing the coefficient on the DPC dummy
for bilateral and multilateral aid (columns (2) and (3)), we see that DPCs receive 58%
less bilateral aid and 34% less multilateral aid, controlling for other independent
variables.

Table 1. Total, Bilateral and Multilatera Aid Allocations to Developing Countries, Net
of Emergency Aid and Debt Forgiveness Grants (1992-2002)®

Log Total Aid Log Bilateral Aid Log Multilateral Aid
(1) (2) (3)
Log GDP/capita -0.430 -0. 352 -0.798
(17.73) *** (12.71) *=** (18.97) ***
Log CPIA 0.792 0. 454 1.118
(6.13)*** (3.17)*** (6.54)***
Log Popul ati on 0. 498 0. 546 0. 369
(50. 36) *** (44.79)*** (24.08) ***
DPC -0.429 -0.578 -0. 336
(7.39)*** (8.33)*** (4.15)***
Const ant 0. 283 -1.110 3.279
(1.00) (3.52)*** (6.03)***
(bservati ons 1212 1212 1212
R- squar ed 0.71 0. 67 0. 50

Notes: Robust (heteroskedasticity-adjusted) t statistics in parentheses (* significant at 10%; ** significant
at 5%; *** significant at 1%)
Y ear dummies suppressed for presentation purposes.
The regression sample consists of 651 MIC country-year observations, 306 LIC country-year
observations, and 255 DPC country-year observations (24 of which are post-conflict DPC).

8 Although all the regressions presented in this paper are with gross ODA, we replicated the analysis with
net ODA flows. However, since all of our regressions are of log-log form, we could not preserve the most
important piece of new information provided by net ODA — the negative numbers (e.g. countries for which
loan repayments exceeded new disbursements of grants and loans). If we simply dropped the negative
observations from the regression, we get results similar to those obtained with gross ODA flows. If, onthe
other hand, we replace negatives and zeroes with really small values (.01 million, or $10,000), so that these
observations remain in the regression albeit with atransformed dependent variable, then the results with net
ODA for the whole sample show greater poverty selectivity, lower policy selectivity, lower post-conflict
sensitivity, and greater discrimination against non-post-conflict DPCs.
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Thus, we observe that DPCs receive, on average, lower aid volumes than MICs
and LICs, even controlling for the obvious factors, on which donors might base their
allocation decisions.” The above findings do not mean, however, that all DPCs should be
given more aid. There could be tremendous variation in this broad group of low-income
countries with weak institutional and policy environment, and we need to explore this

intra-group variance in more detail.

V. Differences within the DPC Group

We first turn to the differences that could exist between post-conflict and non-
post-conflict difficult partnership countries with respect to aid allocation. The second
hypothesis of this paper, based on the relevant literature, proposed that we would find
that post-conflict DPCs receive more aid than their non-post-conflict peers. Figure 4
reveals that, indeed, donors are fairly responsive to greater demand for aid in post-
conflict countries by giving post-conflict DPCs much higher aid per capitalevels than

those allocated to non-post-conflict DPCs or LICs.*

® We have also performed the same analysis with post-conflict dummy in the regression, and with the
sample constrained to LICs and DPCs only. These results are described in Appendix D.

1% The sudden drop in post-conflict DPC aid per capitalevelsin 2000 and 2001 is due to low aid flowsto
Democratic Republic of Congo, which constituted 84 and 90 percent of the population in this group for
these years, respectively. Donorsincreased aid/capitato DRC from $5 in 2000-2001 to $28 in 2002, thus
bringing the popul ation-weighted average for the group up again in 2002. Afghanistan’s entry into the
post-conflict group in 2002 and its high aid/capitalevels aso propped up the 2002 aid/capita number for
this group.
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Figure 4. Aid Per Capita Flows, with Separation of DPC into Post-Conflict and Non-
Post-Conflict (popul ation-weighted group averages, 1992-2002)

Aid per Capita Flows (1992-2002)
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Although the period under study (1992-2002) does reveal donors’ tendency to
allocate more aid to post-conflict DPCs, we would expect this tendency to be even more
dramatic for post-9/11 period. Although the estimatesin Table 2 below are based on
donors' pledges and not actual disbursements, they support our hypothesis that donors

increasingly pay attention to post-conflict opportunities.
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Table 2. Donors' Disbursements and Recent Pledges per Capitato Post-Conflict DPCs

(1992-2002; 2002-2005) **

Post Conflict per annum— Post Conflict DPC 1992 - 2002

Country Actual Disbursements
1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002
Cambodia 21.17 3044 3373 52.17
Central African Rep. 30.28 39.15 36.70 24.64
Georgia 32.99
Haiti 93.85 104.77
Mozambique 8142 80.61 58.94
Rwanda 126.60 84.42 34.86 50.19
SierraLeone 4216 7227 75.05
Somalia 85.21 11543
Tajikistan 11.21 1744 1428 26.21
Timor-Leste 31594 258.90 281.76

Post Conflict per annum— Post Conflict DPC 2002 - 2005

Country Actual Pledged
2002 2003 2004 | 2004 2005

Afghanistan 4771 65.84 96" 148.38

Congo, DR 19.26

Haiti 53.19

Liberia 86.94 84.89

Besides the post-conflict status, there is much other variance within the DPC
group. Indeed, although we found in Table 1 that DPCs as a group receive less aid than
predicted by their policies, incomes and populations, some countries within that group
receive more than expected. To look at thisin more detail, we compare actual aid per

capita allocations and those predicted by two variations on our original model (1.1), both

™ Population for future pledges is forecasted using the Word Bank data for 2003 and applying UN
population growth rate http://www.un.org/esa/popul ation/publi cations/| ongrange2/Country_Tables.xls

2 The *actual’ amount for 2004 includes the pledged and actual for 2004. From January 2004 to September
2004 disbursed amount is $US 934.79 million and for the period October 2004 — December 2004,
US$1891.94 million have been pledged. It must be noted that thisis just an estimated, a redistribution of
SY 1383 that has 1% and 2™ quarter distributions of US$ 526.2 million and US$ 3537.1 million pledged and
US$ 526.2 million that was disbursed in SY 1382 (portion for 2004).
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with log aid/capita as the dependent variable and without log of population on the RHS to
suggest an ideal one-to-one relationship between population and aid/capita. The first
specification only includes log of GDP/capitaand log of CPIA as independent variables,
while the second adds to those adummy for small states'® and a dummy for post-conflict
countries (see Appendix E for details on these regressions and comparisons of actual and
predicted aid/capita).’* We then divided the sample of DPCsin 2002 into two groups:
“darlings’ are those DPCs which received at least $2.50 more in aid/capita terms than
what is predicted by both regressions, “orphans’ are those DPCs, which received at |east
$2.50 less in aid/capita terms than what is predicted by both regressions. Thereisalso a
group of small states, which look like “darlings’ in thefirst regression and “orphans’ in

the second. Table 3 below presents the countries that fell into each group.

13 Smal| states were defined based on the participation in the 2004 Small States Forum. The DPC
regression sample of Table 4 had 23-25 small-state observations of Comoros, Guinea-Bissau, and Solomon
Idlands as small states, depending on whether lagged newspaper headlines werein the regression or not.

14 Although we again use a pooled regression for 1992-2002 with year dummies to get more precise
estimates for each coefficient, we focus on DPC aid allocationsin 2002 for simplicity of presentation.
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Table 3. Country Groupings based on Actual and Predicted Aid/Capita Levels (2002)

Darlings Orphans
Cambodia Burundi
Guinea Central African Republic
Laos Democratic Republic of Congo
Papua New Guinea Republic of Congo
SierraLeone Niger
Nigeria
Sudan
Togo
Uzbekistan
Small Sates: Darlings or Orphans?
Comoros

Guinea-Bissau
Solomon Idands

Notes: (i) A number of DPCsin 2002 are not in the table above due to lack of datato predict their
aid/capitalevel. These DPCs, which could be either “darlings’ or “orphans,” are Afghanistan,
Liberia, Myanmar, Sao Tome & Principe, Somalia, Timor-Leste, and Zimbabwe.
(i) Two DPCs predicted aid levels were actually less than $2.5 aid/capita away from their actual
aid levels, so we considered them neither darlings nor orphans. These are Chad and Y emen.
(iif) Finaly, some countries (besides small states) were “darlings’ or “orphans’ only in one
regression, but not the other. These “margina darlings” are Angola, Cameroon, and Haiti (all
darlings only in the second regression); the “marginal orphans’ is Tgjikistan (orphan only in the
first regression).

What characteristics separate the “darlings’ from the “orphans’? While each
donor recipient is different in its own way, and it would be outside the scope of this paper
to attempt an exhaustive anaysis of the differences between these two groups, we can
begin unpacking this problem by looking at several characteristics. One obvious
characteristic of the “orphans’ isthat all except Uzbekistan are located in Africa, and the
majority are francophone.®> To give us a sense of what other factors attract donors to
DPCs, we look at the following two regressions. Instead of considering each

characteristic separately, we again turn to multivariate regression analysis to see how

> Thus, international community’s lack of interest in and attention to this region in the 1990s as well as
France's changing aid allocation patterns have had a great influence on the overall low aid levelsin these
countries, probably resulting in them becoming “orphans.” We thank Stephen Jones from OPM for pointing
this out.



19

donors distribute the funds among difficult partnership countries. We regresslog aid per
capita (netting out emergency aid and debt forgiveness grants) on the same independent
variables as before (excluding the dummies) and on afew more characteristics, which
might be correlated with aid levels. These new variables are the number of bilateral
donors (including EC) that give positive sums of aid (net of emergency aid and debt
forgiveness grants) to the recipient; the number of major newspaper headlines containing
the recipient country’s name, drawn from Lexis-Nexisto proxy for international public
attention®®; and adummy for small states. Table 4 below reveals that donors do take into
account the institutional and policy environment in allocation aid anong DPCs, as the
coefficient on log of CPIA ispositive and statistically different from zero. The
coefficient on GDP per capitais positive, pointing to absorptive capacity constraintsin
these very low-income countries. The negative coefficient on log population again
reminds us that donors give significantly less aid per capitato DPCswith larger
population size. The post-conflict dummy comes out positive and significant — ceteris
paribus, post-conflict DPCs receive about 30% morein aid per capita terms than non-
post-conflict DPCs, confirming our second hypothesis. Also, Table 4 reveals that donor
engagement is significant for aid levels: holding everything else constant, a 1% increase
in the number of bilateral donors giving aid to arecipient is correlated with 130-140%
increase in aid/capita. The dummy on small states is negative and significant, pointing
out that although donors do give higher aid/capitalevelsto smaller countries (as

evidenced by the coefficient on log of population), the smallest countries get less aid than

'8 The data was assembled from Lexis-Nexis Academic Universe by searching each country’s name (with
alternative name and/or capital, when necessary) within the category of “General News. Major
Newspapers.” The search was restricted to “headlines’ to ensure that the bulk of the story was focused on
the particular DPC. Since donor responses to international events and media attention are most likely
delayed, we have entered this variable with aone-year lag.
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would be predicted by the highly negative linear relationship between ad/capita and
population. Finally, the lagged newspaper headlines, which proxies for international
attention, is not statistically different from zero (and enters with a perverse sign); we
cannot claim from this regression that donors respond to media attention by providing
greater aid volumes to DPCs."’

Table4. Aid Per Capita Allocation Among DPCs, Net of Emergency aid and Debt
Forgiveness Grants (1992-2002)

Log Aid/ Capita
(1) (2) (3)
Log CPI A 0.961 0.929 0. 965
(6.42)*** (6. 17)*** (6.17)***
Log CDP/ capita 0.213 0.194 0. 256
(2.47)** (2.21)** (2.82)**x*
Log Popul ati on -0.768 -0.821 -0.824
(16.73)*** (14.74) x> (14.17)**=*
Post - confli ct 0. 294 0. 239 0. 300
(2.38)** (1.84)* (2.28)**
Log Nunber Bil ateral Donors 1. 400 1.315 1. 330
(6.82)*** (6.47)*** (6.38)***
Small State -0. 368 -0.356
(2.46)** (2.27)**
Lagged Newspaper Headli nes -0.002
(0.21)
Const ant 9. 442 10. 734 10. 252
(11.19) *** (9.94)*** (9.07)***
bservati ons 255 255 235
R- squar ed 0.73 0.74 0.75

Robust (heteroskedasticity-adjusted) t statistics in parentheses

* significant at 10%; ** significant at 5%; *** significant a 1%

Y ear dummies suppressed for presentation purposes

The regression sample contains 225 DPC country-year observations (in column (3) the number of
observations decreases due to lag of newspaper headlines, eliminating the first observation for
each recipient). The 255 DPC sample was reduced by the lag of newspaper headlines, which
eliminated the first observation for each recipient.

What about determinants of donor engagement in DPCs? |s the number of
bilateral donors working in each DPC explained by similar characteristicsas aid

volumes? To answer this question, we use the same regressions asin Table 3 above, with

" The regression with newspaper headlines without the lag did not reveal thisto be asignificant variable
either.
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the log number of bilateral donors as our dependent variable.® Table 5 below confirms
bilateral donors' preference for more sound institutions and policies. It also reveals that
the number of bilateral donors increases with population of DPCs, although, as we just
saw in Table 4, the aid/capita volumes decrease with population. Surprisingly, the
number of donorsis not significantly different between post-conflict and non-post-
conflict DPCs (coefficient on post-conflict is not statistically different from zero).

Finally, donor engagement, similar to donor aid volumes, does not appear to increase

with our proxy for international media attention.

Table 5. Bilateral Donor Engagement in DPCs (1992-2002)

Log Nunber of Bilateral Donors
(1) (2) (3)
Log CPI A 0. 089 0.073 0.071
(2.22)** (1.89)* (1.76)*
Log GDP/capita -0. 006 -0.014 -0.013
(0.27) (0.58) (0.54)
Log Popul ati on 0. 144 0. 117 0. 119
(9.55)*** (11.45)*** (9.18)***
Post - confli ct 0. 024 0. 001 -0.003
(0.68) (0.02) (0.08)
Smal | state -0.154 -0.176
(1.89)* (2.06)**
Log Lagged Newspaper Headl i nes -0.001
(0. 23)
Const ant 0. 531 1.054 1. 080
(1.58) (3.78)*** (3.55)***
Cbservati ons 255 255 235
R- squar ed 0. 50 0.51 0.52

Robust (heteroskedasti city-adjusted) t statistics in parentheses
* significant at 10%; ** significant at 5%; *** significant a 1%

Y ear dummies suppressed for presentation purposes

The regression sample contains 225 DPC country-year observations (in column (3) the number of
observations decreases due to lag of newspaper headlines, eliminating the first observation for
each recipient). The 255 DPC sample was reduced by the lag of newspaper headlines, which
eliminated the first observation for each recipient.

18 The number of bilateral donors was cal culated as donors giving positive aid to the recipient, after netting
out emergency aid and debt forgiveness grants. EC isincluded as abilateral donor in this exercise.
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Hense, among DPCs, donors appear to give more aid to and more of them appear
engaged in smaller, richer, better governed, and post-conflict difficult partnership
countries.

V1. Comparative Analysis of Aid Volatility

Aswe discussed in the previous section, donors appear to give less aid to DPCs
than to other aid recipients, even controlling for population, poverty, and policies. But
arethe aid flows to DPCs also more volatile than those to other aid recipient groups? We
know that high aid volatility makes budget policy more difficult in developing countries
(Bulit and Hamann 2003). We analyze aid volatility by focusing on aid net of emergency
aid and debt relief, since humanitarian assistance and debt forgiveness are naturally more
volatile than development aid. We cdl culate the coefficient of variation by standardizing
the standard deviation of aid/capita received by each country by the mean of aid/capita
received by each country.

Looking at Figure 5, one can see that aid volatility to DPCsis much higher than
that to LICs, and even alittle higher than that to MICs. We would expect aid to middle-
income countries to be more variable than aid to low-income countries for two reasons.
First, aid to middle-income countriesis more likely to depend on geostrategic and
political concerns of donors than on poverty reduction goas; political and geostrategic
factors are more prone to change from year to year than recipients GDP per capita.
Second, middle-income countries are more prone to balance-of -payments shocks, and
donors are likely to be more exposed to risk in these countries than in low-income
countries. While high volatility of aid to middle-income countriesis not necessarily

worrying, aid volatility in DPCsis more troubling. The graph below tells usthat aid to
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DPCs comes in spurts — one year the mgjority of donors can be moved by the suffering of
people in one of the DPCs, and the next they could all move on to alleviate the poverty in
another DPC. This makes aid flows unpredictable, and such aid volatility could put an
additional strain on aready-struggling institutions of DPCs.

Figure5. Aid per Capita Volatility, Net Emergency Aid and Debt Forgiveness Grants
(simple group averages; 1992-2002)°

Aid per Capita Volatility, Net Emergency Aid and Debt
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But could thisvolatility in aid be rational? Donors react to improvements or
deteriorations in recipient countries’ policy climate and, as we discussed before, to
countries coming out of conflict by increasing or decreasing aid alocations. To
investigate whether the higher aid volatility in DPCsin comparison to LICsisdueto
these kinds of recipient country dynamics, we constrain the sample of countries further to
eliminate the potential triggers donors use to change aid levels.

The two triggers that we used were changes of status among DPC recipients from

non-post-conflict to post-conflict and vice versa, and year-to-year changesin CPIA

19 Since we measure aid per capita volatility over the 1992-2002 period, we constrain the sample under
analysis only to those countries which did not switch between categories (MIC, LIC, DPC) during that
period. Thisleaves us with 98 MICs, 8 LICs, and 16 DPCs.
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greater than 1. Thus, we eliminate from this exercise post-conflict country-periods and
we re-calcul ate the coefficient of variation for each recipient using the residua country-
periods. We aso drop from this exercise countries which had alarge year-to-year swing
in CPIA.?° The comparison of aid volatility in thus constrained sample of countriesis
displayed in Figure 6. Although some volatility in DPCs was due to changesin status
from non-post-conflict to post-conflict and vice versa, and some was due to changesin
policy climate, even with the constrained sample eliminating these triggers, we see that

aid per capitavolatility in DPCsisamost twice that in LICs. %

Figure 6. Aid Per CapitaVolatility, Net of Emergency Aid and Debt Forgiveness Grants
(more stable sample; simple group averages,; 1992-2002)
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% Thus, the new sample contains 94 non-post-conflict periods of MICs, 8 non-post-conflict periods of
LICs, and 12 non-post-conflict periods of DPCs.

1 We also looked at aid volatility of on-budget assistance (see Figure E.2). Thisand other issues related to
aid modality can be found in Appendix F.
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Just in the previous section we explored the characteristics within DPCs that attracted
donors and increased aid, we can look at intra-group aid volatility to investigate which
characteristics are correl ated with higher aid volatility.

Again, it isimportant to notice that higher aid/capita volatility of DPCswhen
compared to LICs and MICs conceals the heterogeneity within the DPC group. To takea
closer look at whether some DPCs have higher volatility than others, we go back to our
concept of “darlings’ and “orphans,” introduced in the previous section. Since “darlings”
possess certain characteristics than attract donors more than the characteristics of
“orphans,” it would be interesting to see whether there are also differencesin aid
volatility between these two sub-groups of DPCs. Looking at Figure 7 suggests that there
isindeed heterogeneity within the DPC group with respect to aid/capita volatility. In
fact, aid per capitavolatility of “darlings” isvery close to that of LICsin the previous
figure. Itisthe high aid/capitavolatility of “orphans’ that causes the average volatility of
DPCsto come out so high.

Table 7. Aid per Capita Volatility anong DPCs (1992-2002; stable sample)

Aid per Capita Volatility among DPCs (stable sample;
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V1l. Conclusion

What do the above findings mean for the donor community? Aswe have shown
in this paper, DPCsreceive disproportionatel y lower flows than those predicted by their
policy and institutional indicators in a cross-sectional regression. Thisimplies that
donors could modestly increase aid to the group as a whole without challenging the
performance basis of aid allocations.

This conclusion requires aword of caution. There are wide differences within the
DPC group, with “darlings’ already receiving more aid than their policy and institutional
indicators predict (athough some of this may be an appropriate response to post-conflict
transitions and changes on the ground). Hence, capacity for additional aid absorption is
likely to stem from within the “aid orphan” group who are currently receiving less than
thelr policies and institutional indicators would predict.

Another implication that should be further explored by donor agenciesisthe
excessive burden imposed on DPCs by high aid volatility. In weak capacity countries,
the duration needed for any aid-financed program to produce resultsis likely to be longer
than in a country with similar poverty levels but stronger institutions. Turning the tap of
aid on and off frequently may therefore be the wrong way to achieve the results donors
arelooking for.

Since difficult partnership countries have greater devel opment challenges than
other aid recipients, as evidenced by their lagging performance on the Millennium
Development Goals, it isimportant for the donor community to look more closely at their

aid allocation patterns to these forgotten states.
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APPENDICES

Appendix A. Study Groups

It isimportant to note that our study groups are mutually exclusive, such that
although both L1Cs and DPCs have low incomes, the DPC group only includes recipients
with weaker institutions, and the LI1C group only includes recipients with stronger
ingtitutions. Also, these groupings are dynamic — a country can switch between
categories from one year to another based on its GNI/capitaand overal CPIA. Finadly, to
avoid too much volatility between categories, we used atwo-year smoothing rule: a
country that fell into in a certain category for only ayear was re-classified as being in the
category in the adjacent years.

Another division between countries was made to separate out post-conflict
countries. Since the subject of this study isaid flows, and since some donors, e.g. IDA,
have made provisions to allocate additional aid to countries emerging from conflict, we
need to take this effect into account in the analysis. Our definition of post-conflict period
islargely based on the work of Paul Collier and Anke Hoeffler (Collier and Hoeffler
2002 & 2004). A country islabeled post-conflict during the first four years after
cessation of conflict. Aswe wanted to focus on large conflicts, recognized by donors as
requiring additional assistance, we constrained the sample of post-conflict countries to
those which had UN peacekeeping operations around the time of the conflict’s

cessation.”? The end date of a conflict was based on Collier & Hoeffler (2002) if

%2 From this sample, we excluded countries which had only a border UN mission, or those involving
disputed territories (MINURSO in Western Sahara).
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available, or on Sambanis (2000) if not.?®* Since both of the conflict databases end in
1999, for 2000-2002 we used the data on reached agreements for end of conflict from UN
missions background data. If a country reverted to conflict within the four years after the
end of aprevious conflict, the PC status ended in the year of conflict resumption. Table
A.1 at the end of this appendix presents the country-years |abeled post-conflict for this
study along with associated UN peacekeeping missions and conflict end dates. Table A.2
lists all aid recipients and the categories they fall into each year according to the
definitions of MIC, LIC, and DPC as well astheir post-conflict status.

To see whether our study groups are substantially different from each other, and
thus to test our definitions, we compared them on a number of indicators. First, we look
at whether the proxy variables by which we defined our groups are Robust
(heteroskedasticity-adjusted). What we wanted to measure was, on the one hand,
poverty, and on the other hand, weak policy and ingtitutional environment. As described
above, we proxied for these concepts by using GNI/capitaand overal CPIA. Figure A.1
below looks at a different set of proxies for the same two concepts (GDP per capita, PPP
and the governance cluster of CPIA) to test whether our divisions are Robust
(heteroskedasti city-adjusted). Aswe can see, the average GDP per capitain DPCsin
2002 was not only 85% lower than in MICs, it is about half of that in LICs. Asfor
institutional and policy environment, DPCs average 2.4 on the governance cluster of
CPIA, while LICs are around 3.2, and MICs around 3.6. It isinteresting to note that the

difference between DPC and LICs on thisindicator is greater than that between LICs and

% The first year a country becomes post-conflict is the end-year of the conflict if the conflict ended in
January-June of that year, or the year after the end-year of the conflict if the conflict ended in July-
December. Since we areinterested in 1992-2002 aid allocations, we looked at conflicts that ended as early
as 1988, which would mean that their fourth year of post-conflict aid allocation is 1992.
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MICs, thus underlining that DPC are in abad league of their own when it comes to
institutions.

Figure A.1. Comparison of Study Groups on Poverty and Policies

GDP per capita, PPP (2002) Governance Cluster of CPIA (2002)
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Y et another way to look at the instituti ONararmo-porrey-ervrrormerT s torocus o
the success rate of projectsin arecipient country. Isham and Kaufmann (1999) have used
project-level evidence to argue that development projects are more likely to be successful
in countries with sound policies and institutions. Figure A.2 asks whether this hypothesis
holds by comparing the performance of our three recipient groups on World Bank
projectsin 1992-2002, as judged by the Operations Eval uations Department on three
dimensions — outcomes, sustainability, and institutional impact. Aswe can see, fewer
projects in DPCs have satisfactory outcomes, likely sustainability, and substantial
ingtitutional development impacts than projectsin LICsand MICs. Infact, LICs are not
far behind MICs on the first two dimensions, while DPCs are far behind on all three

indicators.



Figure A.2. Comparison of Study Groups on OED Project Ratings (simple group

averages; 1992-2002)
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Table A.1. Post-Conflict Country List

recipient PC years | UN Missions End of Conflict
Afghanistan 2002 UNAMA March 2002
Bosnia-Herzegovina 1996-1999| UNMIBH  November 1995
Cambodia 1992-1995| UNAMIC October 1991
Central African Rep. 1997-2000| MINURCA  January 1997
Congo Dem.Rep. (Zaire) [2000-2002| MONUC  September 1999
Croatia 1995-1998| UNCRO  December 1994
El Salvador 1992-1995| ONUSAL January 1992
Georgia 1994-1997| UNOMIG December 1993
Guatemala 1997-2000| MINUGUA December 1996
Haiti® 1994-1995| UNMIH  September 1993
Mozambique 1993-1996| ONUMOZ October 1992
Namibia 1992 UNTAG December 1988
Rwanda 1995-1998| UNAMIR July 1994
Serbia & Montenegro 1995-1998 | UNPROFOR December 1994
Sierra Leone 2000-2002| UNAMSIL July 1999
Somalia® 1992-1993 | UNOSOM | April 1992
Tajikistan 1995-1998| UNMOT  December 1994
Timor-Leste 2000-2002| UNMISET August 1999

& The normal four-year postconflict period in these countries was cut short due to resumption of conflict.
Sources. Collier and Hoeffler (2002 and 2004), Sambanis (2000), UN DPK O websites.
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recipient 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002
Afghanistan Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC  PC DPC
Albania Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Algeria Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Angola Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Anguilla Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Antigua & Barbuda Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Argentina Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Armenia Non-PC DPC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC
Aruba Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Azerbaijan Non-PC MIC Non-PC MIC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC
Bahamas Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Bahrain Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Bangladesh Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Barbados Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Belarus Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Belize Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Benin Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Bermuda Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Bhutan Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Bolivia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Bosnia-Herzegovina Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC  PC MIC PC MIC PC MIC PC MIC  Non-PC MIC Non-PC MIC Non-PC MIC
Botswana Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Brazil Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Brunei Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Bulgaria Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Burkina Faso Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC
Burundi Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Cambodia PC DPC PC DPC PC DPC PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Cameroon Non-PC MIC Non-PC MIC Non-PC MIC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC DPC
Cape Verde Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Cayman Islands Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC

Central African Rep.
Chad

Chile

Chinese Taipei (Taiwan)
Colombia

Comoros

Congo Dem.Rep. (Zaire)
Congo, Rep.

Cook Islands

Costa Rica

Cote d'lvoire
Croatia

Cuba

Cyprus

Czech Republic
Djibouti

Dominica
Dominican Republic
Ecuador

Egypt

El Salvador

Eritrea

Estonia

Ethiopia
FYROM-Macedonia
Falkland Islands

Fiji

French Polynesia
Gabon

Gambia

Georgia

Ghana

Gibraltar

Grenada
Guatemala

Guinea
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recipient 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002

Guinea-Bissau Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Guyana Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Haiti Non-PC DPC Non-PC DPC PC DPC PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Honduras Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Hong Kong, China Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Hungary Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Indonesia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PC LIC Non-PC LIC
Iran Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Iraq Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Israel Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Jamaica Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Jordan Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Kazakstan Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Kenya Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PCLIC
Kiribati Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Korea Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Korea, Dem. Rep. Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Kuwait Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Kyrgyz Rep. Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Laos Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Latvia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Lebanon Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Lesotho Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Liberia Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Libya Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Lithuania Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Macao Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Madagascar Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC
Malawi Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Malaysia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Maldives Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Mali Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Malta Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Marshall Islands Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Mauritania Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Mauritius Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Mayotte Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Mexico Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Micronesia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Moldova Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC LIC
Mongolia Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Montserrat Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Morocco Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Mozambique Non-PC LIC PCLIC PC DPC PC DPC PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC
Myanmar (Burma) Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Namibia PC MIC  Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Nauru Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Nepal Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC
Netherlands Antilles Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
New Caledonia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Nicaragua Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Niger Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Nigeria Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Niue Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Northern Marianas Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Oman Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Pakistan Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Palau Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Palestinian adm.areas |Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Panama Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Papua New Guinea Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC DPC Non-PC DPC Non-PC DPC
Paraguay Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Peru Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Philippines Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Poland Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Qatar Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Romania Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Russia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Rwanda Non-PC DPC Non-PC DPC Non-PC DPC PC DPC PC DPC PC DPC PCDPC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Samoa Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
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Sao Tome & Principe Non-PC LIC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Saudi Arabia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Senegal Non-PC MIC Non-PC MIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Serbia & Montenegro Non-PC MIC Non-PC MIC Non-PC MIC  PC MIC PC MIC PC MIC PC MIC  Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Seychelles Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Sierra Leone Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC  PC DPC PC DPC PC DPC
Singapore Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Slovak Republic Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Slovenia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Solomon Islands Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC DPC Non-PC DPC Non-PC DPC
Somalia PC DPC PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
South Africa Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Sri Lanka Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
St. Helena Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
St. Kitts-Nevis Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
St. Lucia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
St.Vincent&Grenadines |Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Sudan Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Suriname Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Swaziland Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Syria Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Tajikistan Non-PC DPC Non-PC DPC Non-PC DPC PC DPC PC DPC PC DPC PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Tanzania Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC
Thailand Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Timor-Leste n/a n/a n/a n/a n/a n/a n/a Non-PC DPC PC DPC PC DPC PC DPC
Togo Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Tokelau Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Tonga Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Trinidad & Tobago Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Tunisia Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Turkey Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Turkmenistan Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PC MIC Non-PC MIC
Turks & Caicos Islands |Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Tuvalu Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Uganda Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Ukraine Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC LIC Non-PC LIC Non-PC LIC
United Arab Emirates Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Uruguay Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Uzbekistan Non-PC MIC Non-PC MIC Non-PC MIC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Vanuatu Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Venezuela Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Viet Nam Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC Non-PCLIC
Virgin Islands (UK) Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC
Wallis & Futuna Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC Non-PC MIC

Yemen
Zambia
Zimbabwe

Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC
Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC
Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC

Non-PC LIC
Non-PC LIC
Non-PC LIC

Non-PC LIC

Non-PC LIC Non-PC LIC Non-PC LIC Non-PC LIC

Non-PC LIC Non-PC DPC Non-PC DPC Non-PC DPC

Non-PC LIC

Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC Non-PC DPC

Notes: Eritreabecame a country in 1993, Timor-Lestein 1999.
Sources. For broad categories, World Bank (2004), for post-conflict status, see Table A.1.
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Appendix B. Disbursements and Commitments

Figure B.1. Tota ODA Commitments (sum to group; 1992-2002)

Total ODA Commitments (1992-2002)
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Although donor commitments and aid disbursements are surely correlated, there
is not always a perfect match. This could be due to lags in disbursements, to atime-
inconsistency problem in commitments, and, more generally, to donors’ changing
priorities and financia constraints. To see whether the ratio of disbursementsto
commitments for DPCsis different from that for other recipient groups, we looked at the
proportion of each recipient’s disbursements, summed over 1992-2002 period, over the
sum of commitments to that recipient for the same period.** Figure B.2 reveals that
although the ratio of disbursements to commitments for both MICs is close to one, as

would be the case if donors disburse the funds that they had committed, thisis not the

2t We used ten-year totalsinstead of yearly observations to avoid the biasing our results with the
disbursement lag problem discussed above. Since commitment datais not available for al the donors
which report their disbursements, we only summed the disbursements for the donors with reported
commitments. To make the comparison between recipient groups fair, we constrained our sample here to
recipients which stayed in the same group (MIC/LIC/DPC) for the whole period. Finaly, because
commitment data does not include emergency aid and debt relief, we took these components out of
disbursement data before adding them up. We would like to thank Aimee Nicholsin OECD/DAC for
providing helpful advice on thisissue.
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case for LICs and DPCs — for them, donors disburse about 86 and 80 percent of the funds
committed, respectively. Thisinter-group pattern of disbursement to commitment ratio is
not very surprising. The high ratio of MICs (it is even alittle above 1) isdue to the
trailing off of new commitments to these countries, while the lower ratio of DPCsis
probably due to the volatile environment in these countries caused by either conflict or

political upheaval. Nevertheless, it isan interesting indicator of donor behavior.

Figure B.2. Ratio of Disbursementsto Commitments (population-wei ghted group
averages, 1992-2002)
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Appendix C. Netting Out Emergency Aid and Debt Forgiveness Grants

To test whether the difference between LICs and DPCs can be eliminated when
we net out emergency aid and debt forgiveness grants, we break down total gross ODA
into three components. emergency aid, debt relief, and developmental aid (which isthe
residual ODA after taking out emergency aid and debt relief).

Emergency Aid. Anemergency, in DAC Statistical Reporting Directives, is

defined as:
an urgent situation created by an abnormal event which a government cannot meet
out of its own resources and which results in human suffering and/or loss of crops
or livestock. Such an emergency can result from i) sudden natural or man-made
disasters, including wars or severe civil unrest; or ii) food scarcity conditions
arising from crop failure owing to drought, pests and diseases. Thisitem aso
includes support for disaster preparedness (DA C 2000).

Thus, emergency aid includes such items as relief food aid, and aid to refugees (in both

recipient and donor countries). Figure C.1 presents the distribution of emergency aid

between our recipient groups, in per capitaterms. As expected, post-conflict DPCs

receive the bulk of emergency aid, as they should, based on the above DAC definition.”

However, non-post-conflict DPC do not appear to receive much greater levels of

emergency assistance than LICs or MICs.

% The drop of emergency aid for the post-conflict DPC group in 1999 is due to only one country being in
that group that year (Central African Republic), which received no emergency aid.
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F gurgec.l. Emergency Aid Per Capita (population-weighted group averages,; 1992-
2002)
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Since decisions for alocation of emergency aid consider the severity of a natural disaster
and/or a humanitarian crisis besides the recipient’s poverty level and institutional and
policy environment, and since our analysis focuses specifically on aid effectivenessin
DPCs as opposed to LICs and MICs, we take emergency aid out of the comparative
analysis. Hence, Figure C.2 provides acomparison of aid per capitain LICs and DPCs,
using gross ODA flows net of emergency aid. Asin Figure 6 in the main text, we see
that donors respond to post-conflict situations, in most instances, by providing aid per
capitalevels much higher than that received by L1Cs, athough netting out emergency aid
does decrease the aid per capitalevelsreceived by this group by, on average, $5/capita
between 1995 and 2002. However, non-post-conflict DPCs still receive consistently

lower aid per capitalevelsthan do LICs.

% Although the graph shows all the year under study (1992-2002) for presentation consistency, the
definition of emergency aid was modified in the mid-1990s. Relief food aid, included in devel opmental
food aid up to and including 1995, from 1996 onwards was included in emergency aid. Furthemore,
reporting data on emergency aid by recipient country was only introduced in our data collection as of 1995.
We would like to thank Y asmin Ahmad in OECD/DAC for her explanation on this issue.
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Figure C.2. Aid Per Capita Net of Emergency Aid (population-weighted group averages;
1992-2002)
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Debt Relief. Another type of assistance provided by donors to developing

countries based on other criteriain addition to recipients’ poverty and institutions is debt

relief. Our treatment of debt relief hereis constrained by the data available in the

OECD/DAC database, which does not include debt relief provided by non-OECD donors

or by multilateral agencies other than World Bank’s IDA facility. We also constrain this

exercise to looking at debt forgiveness grants. Figure C.3 showsthe levels of debt
forgiveness grants per capita and their allocation among our recipient groups.
It appears that since the late 1990s, debt relief has been targeted mostly towards LICs,

with debt relief to non-post-conflict DPCs remaining at the level similar to MICs.
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Figure C.3. Debt Forgiveness Grants Per Capita (popul ation-weighted group averages,
1992-2002).
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As debt forgivenessis more related to donors expectations of arecipients’ ability (or
lack thereof) to repay the loans and it aims to reduce the recipient’ s debt burden, these
funds are not directly utilized in poverty reduction programs, if we abstract from aid
fungibility issues. To focus on aid that does fund poverty reduction programs and
projects, we want to net out debt relief from gross ODA flows. Figure C.4 does just that,
comparing aid per capita levels net of debt forgiveness grants in our recipient groups.
Since, as we saw above, debt relief has recently favored LICs, once we take debt
forgiveness grants out, the difference between L1Cs and non-post-conflict DPCs in 2002
has narrowed by about $3/capita from what we had seen in Figure 6 in the main text
(although the average difference for the whole period decreased only by $1.5/capita) .
However, we still observe that LICs get more aid in per capitaterms than do non-post-
conflict DPCs. Since post-conflict DPCs did not appear to receive much debt relief, their

aid per capitalevelsremain similar to what we had seen in Figure 6.
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Figure C.4. Aid Per Capita Net of Debt Forgiveness Grants (popul ation-weighted group
averages; 1992-2002)
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Finally, we want to see how this picture would look if we take both emergency aid and
debt relief out of gross ODA comparison. Figure C.5 graphsthe aid per capita trends net
of both emergency aid and debt forgiveness grants. Here we see the combination of
factors already described above. Netting out emergency aid has decreased the per capita
levels of aid received by post-conflict DPCs, sinceit is that group of countries that gets
the bulk of emergency assistance. Netting out debt relief has somewhat narrowed the gap
between L1Cs and non-post-conflict DPCs, since LICs have been successful at obtaining
much of the debt forgiveness grants disbursed in recent years. Thefina point to makeis
that netting out emergency aid and debt relief has not eliminated the gap between LI1Cs

and non-post-conflict DPCs.



Figure C.5. Aid Per Capita Net of Emergency Aid and Debt Forgiveness Grants
(population-weighted group averages; 1992-2002)
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Appendix D. Regression Analysiswith Post-Conflict Dummy and with Low-Income
Countries (LICs and DPCs) Only

To check the robustness of our regression results, we estimated several other
regressions, changing either the RHS variables or the regression sample.

First, as discussed in the introduction section of the paper, there is reason to
believe that donors respond to post-conflict opportunities by providing additional aid to
countries emerging from conflict. In Table D.1 below, we add a dummy variable that
captures the post-conflict aid allocation. Aswe can see, al of the results reported in
Table 1 in the main text are also reflected in thistable. Particularly, the DPC group
receives, on average, more than 40% lessin aid than predicted by itsincome level,
policies and population. It isaso interesting to note that the post-conflict dummy,

although positive, is not statistically different from zero.’

TableD.1 Aid Allocations to Developing Countries, Net of Emergency Aid and Debt
Relief (1992-2002)

Log Total Aid Log Bilateral Aid Log Multilateral Aid
(1) (3) (5)
Log GDP/capita -0.430 -0.352 -0.798
(17.79)*** (12. 73) *** (18.98) ***
Log CPI A 0. 809 0. 464 1.131
(6.36)*** (3.26)*** (6.57)***
Log Popul ati on 0. 498 0. 546 0. 369
(50. 35) x** (44.77)*** (24.07) ***
DPC -0.435 -0.582 -0.341
(7.47)*** (8.32)*** (4.22)***
Post -confli ct 0. 158 0. 092 0.123
(1.18) (0.62) (0.73)
Const ant 0. 266 -1.120 3.266
(0.94) (3.55)*** (5.99)***
Cbservati ons 1212 1212 1212
R- squar ed 0.71 0. 67 0. 50

Notes: Robust (heteroskedasticity-adjusted) t statistics in parentheses (* significant at 10%; ** significant
at 5%; *** significant at 1%)

%" Since we defined the post-conflict period as lasting 4 years after emergence from conflict, and since
different experts disagree about end of conflict dates for many of the conflicts during the period, the
insignificance of the post-conflict term could be due to this impreci se definition of the post-conflict period.



46

Y ear dummies suppressed for presentation purposes.
The regression sample consists of 651 MIC country-year observations, 306 LIC country-year
observations, and 255 DPC country-year observations (24 of which are post-conflict DPC).

To check whether our resultsin Table 1 in the main text are driven by a specific
functional form, which rewards agencies, such as IDA, for allocating aid only among
low-income countries, we repeat the regression analysis, constraining our sample to low-
income world, and thus analyzing aid allocation between LICs and DPCs. The results for
thisanalysis are presented in Table D.2. As expected, poverty easticities within low-
income country sample are lower than those in the regressions with middle-income
countriesincluded (Table 1 in the main text), because of the absorptive capacity
constraints of low-income countries (Dollar and Levin 2004). Policy elasticitiesremain
significant, with multilateral aid more selective than bilateral.

Looking at the DPC dummy, it appears that even in this sample of low-income
countries, DPCs receive, on average, 16% less aid than predicted by other independent
variables. Findly, it appearsthat in thislow-income sample, it is multilateral aid that
drives the coefficient on DPC dummy to be negative; asfar as bilateral donors are
concerned, DPCs appear to receive around the aid levels predicted by their population,
poverty and policies (since the coefficient on DPC in column (2) is not statistically
different from zero). Comparing these results with Table 1 in the main text, we can
hypothesize that since multilateral aid is generally more targeted to low-income
countries, the negative coefficient on DPC dummy in column (3) of Table 1 is driven by
different allocations between L1Cs and DPCs evidenced in Table D.2, whereas for
bilateral donors, which provide much more aid to middle-income countries, the negative

coefficient on DPC in column (2) of Table 1 isdriven by alocation decisions between
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MICsand DPCs. Nevertheless, the main point of Table D.2 below isthat total aid to
DPCsissignificantly less than predicted by the independent variables of this regression

constrained to low-income countries.

Table D.2. Aid Allocations to Low-Income Countries Only, Net Emergency Aid and
Debt Forgiveness Grants (1992-2002)

Log Total Aid Log Bilateral Aid Log Multilateral Aid
(1) (2) (3)
Log GDP/capita -0.032 0. 099 -0. 286
(0.66) (1.63) (4.72)***
Log CPI A 1.195 1.139 1.309
(5.78)*** (4.97)*** (6.69)***
Log Popul ati on 0.531 0. 563 0.472
(26.12) *** (21.49)*** (19. 35) ***
DPC -0.162 -0.124 -0. 256
(2.11)** (1.39) (3.20)***
Const ant -3.473 -5.474 -1.639
(6.60)*** (8.41)*** (2.33)**
Observati ons 561 561 561
R- squar ed 0. 67 0. 59 0. 59

Notes: Robust (heteroskedasticity-adjusted) t statistics in parentheses (* significant at 10%; ** significant
at 5%; *** significant at 1%)
Y ear dummies suppressed for presentation purposes.
The regression sample here contains 306 LIC country-years, and 255 DPC country-years (24 of
which are post-conflict DPC).
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Appendix E. Actual and Predicted Aid per Capita Levels

To anayze the variance within the DPC group with respect to aid per capita
levels, we have estimated the following two regressions, both variations on the original
model, presented in Dollar and Levin (2004).

(E.1.2) Log (aid/capita,'j) =bg + by Log (per capitaGDPJ) + bz Log (CPIAJ-) ,

E.1.2) Log (aid/capitsjj) = bg + b1 Log (per capita GDP;) + b3 Log (CPIA;) +
(E-1.2) Log (aid/capitajj) = bg + by Log ( ita GDP;) + bg Log (CPIA|) + by Small
Statej + bs Post-conflict

Table E.1 below presents the regression output for both the originad model (1.1) in
the main text and the two regression models above. The original results do not change
significantly when we switch to the new regression models with an ideal relationship of
aid with respect to population. Although the policy and poverty elasticities do diminish
when we constrain the relationship between aid and population to be one-to-one, they still
remain significant. The dummy for small states, defined by membership in the 2004
Small States Forum, picks up some of the effect of the original population variable, asit
reveals that small states get 160% more aid per capita than predicted by the other
independent variablesin the model. Finally, we see that post-conflict countries receive

additional aid per capitalevels, which is consistent with the literature.



Table E.1 Comparison of Regression Models

Notes:
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Oi gi nal
Log Total Aid Log Aid/ Capita
(1.1) (E. 1.1) (E. 1. 2)
Log GDP/capita -0.362 -0.145 -0. 342
(14.91) *** (3.59)*** (10.18) ***
Log CPI A 1.118 0. 959 1.108
(10. 20) *** (5.93)*** (8.17)***
Log Popul ati on 0. 497
(48.12) ***
Smal | State 1.591
(25.25) **=*
Post - conflict 0. 373
(2.38)**
Const ant -0. 658 3. 806 4.794
(2.49)** (13.00) *** (18.87)***
bservati ons 1212 1212 1212
R- squar ed 0.70 0. 06 0. 38

Robust (heteroskedasti city-adjusted) t statistics in parentheses (* significant at 10%; ** significant

at 5%; *** significant at 1%)

Y ear dummies suppressed for presentation purposes.
The regression sample consists of 651 MIC country-year observations, 306 LIC country-year
observations, and 255 DPC country-year observations (24 of which are post-conflict DPC).

As described in the main text, we then used the coefficients from regressions

(E.1.1) and (E.1.2) above to predict aid per capitalevelsfor our DPCsin 2002. Table E.2

below presents the actual aid per capita, the two predicted aid per capitalevels, and the

differences between them.
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Table E.2 Comparison of Actual and Predicted Aid per Capita Levels (2002)

(E. 1.1) (E. 1. 2)
Act ual Predi ct ed Di fference Pr edi ct ed D fference

reci pi ent Ai d/ Capita Ai d/ Capita (P-A) Ai d/ Capita (P-A)

Angol a 19. 28 19. 04 -0.24 13. 48 -5.79
Bur undi 18. 58 32.35 13. 77 30.73 12. 14
Canbodi a 39.12 30.18 -8.94 23.85 -15. 27
Caner oon 29. 80 30.02 0. 22 23.55 -6.25
Central African Rep. 15. 09 24.86 9.77 20. 16 5.08

Chad 30. 27 32. 41 2.14 28. 22 -2.05
Conor os 58. 64 28. 06 - 30. 58 107. 69 49. 05
Congo Dem Rep. (Zaire) 23.50 31.58 8.08 43. 49 19. 99
Congo, Rep. 14. 83 31.32 16. 49 27. 33 12.50
Qui nea 33.62 30. 68 -2.94 23. 44 -10. 17
Qui nea- Bi ssau 45,73 30. 19 -15.54 133.52 87.78
Haiti 19. 96 18. 80 -1.16 13.92 -6.04
Laos 53.71 26.78 - 26. 93 20.71 -32.99
N ger 26. 56 34.19 7.64 31. 45 4.89

Ni geria 2.53 29. 28 26.75 25. 86 23.33
Papua New Gui nea 44, 88 27.69 -17. 19 20. 63 -24.25
Sierra Leone 54. 25 34.92 -19. 33 50. 36 -3.89
Sol onon | sl ands 66. 19 24.03 -42.16 91. 28 25. 09
Sudan 5.93 22.91 16. 98 16. 82 10. 89
Taj i ki stan 24. 27 30.01 5.74 26. 26 1.99

Togo 12. 31 25. 63 13. 32 20. 18 7.87

Uzbeki st an 7.40 25.50 18. 10 19.71 12. 32
Yerren 33. 36 35.72 2.36 33.01 -0.35

Figure E.1 below represents graphically the comparison between actual aid per capita

flows and those predicted by our two regression models for al the years under study

(1992-2002).



Figure E.1. Comparison of Actual and Predicted Aid per Capita Flows to DPCs (1992-

2002; population-weighted group averages)
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Appendix F. Aid Modality

Here we explore whether there are differences in aid modality between DPCs and
other recipient groups. In this context, we discuss on-budget and off-budget assistance,
aswell as grant share of ODA.

On-budget assistance. Donor support for developing countries comes in different

forms—it could be budget support, program development, or technical assistance. The
latter, for example, is not disbursed to the recipient government as funds — it is paid to
consultants hired by donor country to implement a project in the recipient country. Ina
difficult institutional setting, donors might be more likely to use technical assistance and
other off-budget assistance to avoid siphoning off of aid by corrupt government officials,
and thus to spend the money more efficiently; or donors might want to strengthen the
capacity of civil society organizations and local government institutions by targeting their
funds directly to them and bypassing the central government. On the other hand, by
delivering aid by circumventing government coffers donors miss an opportunity to build
the capacity of governments’ budgetary institutions and to demand transparency and
accountability of expenditures. To take alook at whether donors do succumb to the
temptation of providing more off-budget aid to DPCs, we compare total ODA grants as
reported by OECD/DAC with the grants from abroad that go through the fiscal accounts,
caculated from IMF s Global Financial Satistics, Country Desk Data, and Article IV

Staff reports.® Figure F.1 presents the results of this exercise — it appears that on-budget

%8 Please note that grants reported in fiscal accounts could include military assistance (not reported in
OECD/DAC), and transfers between devel oping countries (OECD/DAC only reports assistance from major
donors). There could aso be a discrepancy between grants received at the general government versus
central government levels. We would like to thank Peter Fallon and Amber Mahone for compiling this data
and for providing helpful advice on this exercise.
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grants as proportion of total grantsis higher in MICsthan in LICs and DPCs, which is
expected, given the more developed budgetary institutions in middle-income countries.
However, somewhat surprisingly, we see almost no difference between the ratio of on-
budget aid in LICs and DPCs.

Figure F.1. Proportion of On-Budget Grantsin Total Grants (simple group averages,
1992-2002)

Proportion of On-Budget Grants in Total Grants
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We could a'so use the on-budget assistance to check our findings on volatility.
We use the same method of constraining our sample to countries, which remained in the
same recipient group for the whole period of 1992-2002 and cal culating the simple group
average coefficient of variation of on-budget grant aid per capita® Figure F.2 displays
the result — it appears that, overall, on-budget grant aid to MICsand LICs is more volatile
than gross ODA net of emergency aid and debt relief, although the aid volatility in DPCs
appear to be about the same in both graphs (see Figure 8). However, the volatility of on-

budget grant aid to DPCsis till higher than LICs.

% Due to data avail ability constraints, we cannot net out emergency assistance and debt relief from on-
budget aid data, as we did in the previous section.
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Figure F.2. On-Budget Grant Aid per Capita Volatility (simple group averages; 1992-
2002)

On-Budget Grant Aid per Capita Volatility (1992-2002)
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Grant Share of ODA. Besides choosing whether to deliver assistance through the

government budget or not, donors face another important decision —whether to disburse
aid in grant form or as concessiona loans. There are many arguments for either of the
two instruments — grants do not carry with them additional debt burden, which could tie
the hands of recipient governments in the future, while loans are supposed to encourage
recipients to steer aid into productive uses, thus stimulating growth and enabling
repayment. While not making any value judgments with respect to the relative worth of
grants or loans, we simply look at donors’ reveaed preference for either of the two
instruments, when it comes to our recipient groups. Thus, we compare the grant share of
ODA disbursements (i.e. total ODA grants as a share of total gross ODA) in Figure F.3.
The figure below reveals that donors have a realistic outlook, when it comes to their
expectations of DPC being able to repay concessiona loans; we find that over 80% of

gross ODA to DPCsisin grant form. Middle-income countries also receive very high
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proportion of aid in grant form (78%), probably reflecting the small share of tota official

flows that middle-income countries receive as ODA.* LICs, on the other hand, only

receive 57% of their ODA in grant form.

Figure F.3. Grants as Share of Gross ODA (simple group averages; 1992-2002)
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30 We would like to thank Simon Scott of DCD/DAC for providing a helpful explanation on thisissue.



